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“A future where models are not 
defined by parameter values, but 
rather by distributions constantly 
updated with new data”

In regions of the nuclear chart away from stability, which represent a frontier in
nuclear science over the coming decade and which will be probed at new rare-
isotope beam facilities worldwide, there is a targeted need to quantify and
reduce theoretical reaction model uncertainties, especially with respect to
nuclear optical potentials.

(2022)
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Work in collaboration with experts

… and find that the real UQ is the 
friends you made along the way
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