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Single flavour neutrino limits (90% CL)
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No neutrino candidates - &7 :

No neutrino candidates have
been found, which allows us to
place competitive limits to the
diffuse flux of UHEvs in the EeV
range and above.

Muonic component of the shower

1) Regular proton shower

2) Deep Down-going v shower Electromagnetic

component of the shower
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FPGA implementation
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Best Training Performance is 0.0036525 at epoch 200 (trainim
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