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In Ivan’s talk we looked at
Localized state

Ci:NWfi|2

N* = Z min(C,,1) .

Effective number of lattice sites

significantly occupied by an eigenstate

From N* we extracted infrared

dimension by finite size scaling
]\7>I< ~ LdIR

Can we extract more information than a number?
Spectral decomposition (discussed next)
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AN . .
Y And more as mentioned 1n Ivan’s talk
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