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Dissecting: Measure transport now translated into independent sub-problems.

Kind of problem: Each sub-problem does not require the notion of a statistical divergence
but boils down to a linear high-dimensional PDE.
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Solving sign problems with physics-informed kernels

.. things to look forward to

Application to higher-dimensional systems
(Stochastic PDE solvers & Tensor networks)

Application to fermionic theories
(Limits of contour deformations)

Application to gauge theories

Combination with existing
sign problem methods
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Field-Independence

Computing physics-informed kernels
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Complex-valued case wi(¢o0) = A Pe(¢Po) )
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We are only interested in Rewrite derivatives in terms

. . . Use the freedom to parametrise the kernel
transformations on the manifold of the initial field P
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Complex-valued case

d1.i( Pe(Po) )
We are only interested in Rewrite derivatives in terms
transformations on the manifold of the initial field

M (pe(d0) ) = Ji(po)J; (o)

0S 0.5
2 (x2)dT + V2dW, -
7 0.0 =
] _ =

. dSt —0.5

E (XT) | X0 — ¢O 0 50
i | 100 g 1 2
16 150 o — R@Kw’r\



