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{ | - Network training and inference performed on Fermilab’s { ! _ Ascalable, maintainable way to accelerate inference in :
- One of the major physics goals of DUNE is to detect the 1 Elastic Analysis Facility (Nvidia A100 GPUs) i | production and ensure reproducibility i
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' ~ NuGraph3’s event decoder trained to predict CC vs. ES
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j ~ Reduce algorithmic complexity and suitability for real time  §  § f_ | | |
low energy neutrino detection I | o The GNN achieves high recall for ve CC events (81%), while § § ° InfTrngZ asl a service élaaS) provides a flexible and
« ve ES events (75%) - scalable deployment scheme

: o« Controlled memory and inference costs
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i Al/ML demonstrators developed as part of American Science Cloud | | Next Steps
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Input: Detector data > Al Model Inference: :*:‘g: 5 > Output: Physics  NVIDIA A100-SXM4, NuGraph (batch=1), single-GPU multi-instance scaling
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. - Optimize laaS performance in terms of reducing latency

~ We benchmarked hosted ML models by and increasing throughput

varying the laaS server configurations
o The laa$S allows us to use GPUs at 100%

| . Register metadata of existing HENP datasets to data
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